
Does engaging in international trade improve a country’s image among foreign mass publics? We 
argue from a theoretical standpoint that dyadic trade between countries should promote mutual 
mass goodwill and that the main way it does so is through the consumption channel. Imported 
goods boost favorability toward their source country. To rigorously test this claim, we analyze 
experimental and observational data. Our survey experiment shows that imports can boost 
goodwill toward the exporter, but the effect depends on the trading partner. For the observational 
data, we analyze the largest dataset ever compiled of public opinion toward foreign countries. It 
contains more than 7,400 observations from over 1,550 different directed country dyads. We find 
that imports do increase favorability toward their source country, and the finding is robust to 
instrumental variables specifications and modelling at very different levels of analysis.    
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 The notion that dyadic trade promotes mass goodwill between partners holds a canonical 

place in international relations. It is rooted in liberal Enlightenment thought on “gentle 

commerce,” and it underlies the commercial peace literature. However, scholarly skepticism of 

this claim exists on several grounds: Trade creates economic losses for many individuals, 

common citizens often know rather little about the foreign source and destination of traded 

products, and trade may be the result—not a cause—of attitudes toward a foreign country. 

Ultimately, convincing empirical tests are lacking.  

Despite this skepticism, we argue from a theoretical standpoint that trade should 

nonetheless promote mass goodwill among countries and that the main way it does so is through 

the import/consumption channel. Imported goods boost favorability toward their source country. 

In other words, the consumption of a country’s goods in foreign lands builds its soft power.  

To rigorously test this claim, we analyze experimental survey data as well as the largest 

observational dataset ever compiled of public opinion toward foreign countries. Our survey 

experiment shows that imports can boost goodwill toward the exporter, but the effects depend on 

the trading partner. In particular, cueing Mexican respondents about US imports made them 

more favorable toward the US, but cueing them about Chinese imports had no effect on their 

views of China. For the observational data, we work at the level of the directed (country) dyad 

year, using the aggregate favorability that citizens in one country express toward a foreign 

country (e.g., Kenyan respondents’ views of the U.K.). Our statistical analyses of the correlates 

of attitudes toward foreign countries feature more than 7,000 observations from over 1,500 

different directed country dyads. The large dataset gives us the best sampling coverage to date, 

allowing us to move beyond the focus on attitudes toward great powers that has thus far 

dominated the literature on soft power and public opinion. We find a robust, positive effect of 
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imports on goodwill toward their country source, and this finding holds even when instrumenting 

trade inflows to a country with the exogenous portion of imports.  

Our argument implies two novel hypotheses about country-level patterns in public 

opinion toward foreigners, both of which are supported by the data. Large countries (by 

population) are more popular worldwide because they have greater export volumes than do small 

countries. However, because imports comprise a smaller share of large countries’ economies 

than they do of small countries’ economies, citizens in large countries evaluate foreign countries 

less favorably than do citizens in small countries. 

Our efforts to understand the roots of public opinion toward foreign countries are of more 

than just academic import. States care about soft power and devote resources to it, so it is 

valuable to know what works. More to the point, evidence suggests that dyadic public opinion 

has concrete consequences for states’ interests. For example, if country j is disliked by the mass 

public of country i, then i is more likely to be a victim of terrorism at the hands of nationals from 

j (Krueger and Malečková 2009). Similarly, public opinion toward the U.S. has an independent 

effect on governments’ propensities to succumb to U.S. pressure on certain foreign policies 

(Datta 2014; Goldsmith and Horiuchi 2012), while rising negative attitudes toward the U.S. has 

threatened collective security alliances (Ray and Johnston 2007). It also affects tourist revenues 

(Datta 2014). Therefore, in improving the exporting country’s image abroad, trade yields further 

concrete benefits for an exporter’s foreign policy goals.  

We first discuss the competing theoretical expectations about the consequences of trade 

for mass evaluations of a trading partner. We make the case and hypothesize that trade should 

promote goodwill, and it should do so through the import channel. We then conduct a series of 

statistical analyses that assess the effect of dyadic trade flows on mass opinions toward foreign 
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countries. We first report the survey experiment results. We then move to the observational 

dataset and report results of dynamic models and models of cross-sectional variation.  

Gentle Commerce, Soft Power, and the Masses 
The notion that dyadic trade flows promote goodwill between the mass publics of the two 

states has a long pedigree. Its roots date back to the “gentle commerce” thinkers of the 

Enlightenment (Kant 1917 [1795]): 

commerce cures destructive prejudices … everywhere there is commerce, there 
are gentle mores (Montesquieu 1748, 338). 
 
Enter into the Royal Exchange of London… There the Jew, the Mahometan, and 
the Christian bargain with one another as if they were of the same religion, and 
bestow the name of infidel on bankrupts only (Voltaire 2014 [1764]). 

 
It continues to find support among recent advocates of liberal Enlightenment thought: 
 

As technology accumulates and people in more parts of the planet become 
interdependent, the hatred between them tends to decrease, for the simple reason 
that you can’t kill someone and trade with him too (Pinker 2003, 168) 

 
 Some modern political science research holds to the gentle commerce notion. It provides 

an important underpinning for the commercial peace literature. Trade creates consumer, investor, 

and worker stakeholders who benefit from mutual exchange and the average net gains from 

trade. These material interests increase stakeholders’ aversion to conflict with and, ultimately, 

appreciation of a foreign trading partner (Mansfield 1994; McDonald 2004; Russett and Oneal 

2001). Moreover, findings in other scholarly traditions suggest that trade reduces outgroup 

stereotyping (Epstein and Riordan 1989) and can even create a cross-border sense of community 

(Deutsch 1957). Exports can also promote aspects of a country’s brand abroad, often through 

foreigners’ consumption of its pop culture (Morris 2005). Finally, rising dyadic trade can alter 

elite discourse about a foreign trading partner. Elites may be less critical of a trading partner to 
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maintain flows, and elite rhetoric is a well-known influence on public opinion (Blaydes and 

Linzer 2012; Zaller 1992).  

Reasons for Skepticism  
  Despite this pedigree, other scholarly findings suggest reasons for skepticism that trade 

promotes mass goodwill toward a trading partner. The first is a standard political economy 

reason: trade creates losers, even as its net effect on an economy is positive (Stolper and 

Samuelson 1941). It is a truism that international trade causes the destruction of certain jobs and 

a decline in relative (if not real) wages for some workers, facts that are often widely publicized 

and observed (Irwin 2002). Those who lose from trade—or empathize with those who do—may 

blame these plights on a foreign partner (Kleinberg and Fordham 2010). These types of 

economic losses are fodder for protectionist and populist elites (e.g., Ross Perot and Donald 

Trump), who often criticize not just the disembodied concept of international trade but also the 

purported foreign destination of lost jobs. In many developing countries, trade flows from core 

economies can be accompanied by media and politicians’ narratives about neocolonialism and 

exploitation (Graubart 2008). Moreover, even in countries where export-oriented manufacturing 

jobs create a constituency of winners from trade, the number of such jobs as a total share of 

employment is relatively small. Worldwide, only a small minority of formal firms export at all—

just 4% in the U.S. and, on average, 16% in other countries (Bernard et al. 2007).  

 Furthermore, although the gains from trade for consumers are substantial, these gains are 

diffuse and can go unnoticed (Bearce and Moya 2017; Hiscox 2006). Similarly, despite the 

objective net consumer gains from imports, not all foreign-made goods carry a status of quality 

and sophistication. Many citizens may develop negative views of a particular trading partner 

because of the purported low quality of its exports or its alleged unfair trading practices. For 
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example, individual-level experimental studies have repeatedly found a “strong bias in favor of 

products originating in industrialized countries over products from either developing or newly 

industrialized countries” (Richey, Rose, and Dominguez 2000, 51; Tse and Gorn 1993), and 

scholars have found the “Made in China” label to be an indicator of poor or even dangerous 

quality to many mass publics (Midler 2009). 

A second reason is inspired by political psychology: an empirical link between trade 

flows and public opinion toward a trading partner might be elusive because the barriers to 

knowledge about these objective flows is high. In other words, mass publics know rather little 

about where the imported content they collectively consume comes from and where the exported 

content they produce goes to. Even in the clearest scenario, where the import is a finished 

consumer good with a “Made in …” label, research suggests that consumers still have minimal 

knowledge about what is the country of origin of a purchased product (Liefeld 2004; Pandya and 

Venkatesan 2015). More typically, supply chains for finished consumer goods are highly 

segmented across the globe, which makes it nearly impossible for consumers to know about the 

origin of the all the content in their consumption bundles (Bair 2005; Baldwin 2014). 

 The third reason for skepticism stems from other lines of thought in international 

relations scholarship. This “endogenous trade” view sees mass opinion, not trade, to be the 

exogenous mover in the relationship between trading partner evaluations and trade flows 

(Andrews, Leblang, and Pandya 2018; Rose 2016). Market research shows country of origin to 

have effects above and beyond those of price and quality on consumers’ intention to buy 

products (Elliott and Cameron 1994; Pandya and Venkatesan 2015). Trade flows may simply be 

endogenous to attitudes about a trading partner and these attitudes’ influence on consumer 

demand (Guiso, Sapienza, and Zingales 2009). As one example of this, trade allegedly “follows 
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the flag,” as importers and consumers respond to changes in interstate political conflict or 

cooperation by adjusting their purchasing behavior (Pollins 1989).   

Imports as a Channel of Soft Power 
Despite the presence of these headwinds against the gentle commerce effect, we 

nonetheless argue that trade, on average, does promote mass goodwill toward a trading partner 

and that it does so through the imports—meaning consumer—channel.  

In a strictly economic sense, the primary gains from trade occur through the consumption 

channel (Broda and Weinstein 2006; Irwin 2002, 33–35). Since consumers are such a large 

constituency—virtually synonymous with the entire population—trade should have its greatest 

resonance in public opinion through the consumption of imports (Baker 2009; Tinsman 2013). 

We thus agree with the skeptics that those who win through the export channel are too few to 

make a dent in overall mass attitudes toward the destination country, especially since their gains 

are counterbalanced through employment and wage losses elsewhere. 

As for the skepticism on cognitive grounds, however, we do think that imports provide 

enough information to make a difference in mass opinions toward country sources. Knowledge 

of country-of-origin of finished consumer goods is aided by labelling requirements and by the 

fact that foreign made goods are often promoted by branding and marketing campaigns (Ghosh 

1998). The vast research program on country-of-origin effects suggests that consumers do build 

stereotypes and heuristics about foreign countries, called “country images,” based on their 

exports (e.g., German engineering, Japanese reliability, Italian fashion sense) (Han 1989; 

Maheswaran 1994). Positive experiences build positive mental images about a foreign country 

(Lawrence, Marr, and Prendergast 1992). Thus, our primary hypothesis is that trade with a 
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foreign country promote mass goodwill toward that country, and our secondary hypothesis is that 

the main channel of influence is imports (Baker and Cupery 2013). 

What of the endogenous trade possibility? In practice, the regularity that imports promote 

mass goodwill is often observationally equivalent with that of imports chasing mass goodwill. 

Given the mechanics of the modern trade regime, we argue that trade is much more likely to be 

the exogenous cause, at least when it comes to a correlation between the short-term changes in 

trade and mass opinion.  

According to decades of research in political psychology, public opinion can be a fickle 

thing (Converse 1964), and this includes opinions about foreign countries. For example, 

Germans’ favorability toward the U.S. jumped by 33 points between 2008 and 2009 because of 

the election of Barack Obama, then it fell by 22 points between 2016 and 2017 after the election 

of Donald Trump. Similarly, in 2015 U.S. Republicans’ favorability toward Russia lagged that of 

Democrats, but by 2017 it was Republicans who were more favorable. By contrast, trade flows 

are slower to adjust to political events. Producers must plan well in advance of exporting, since it 

often requires most or all of the following: researching foreign market conditions, clearing 

foreign regulations, finding and communicating with potential buyers, contracting with 

distributors abroad, securing export finance and insurance, arranging for overland and sea 

transport, and applying for export licenses. What was true in the 1940s is even more so today: 

“International trade is much more than the exchange of goods between one country and another; 

it is an intricate network that cannot be rent without loss” (League of Nations 1942, 7). In short, 

because of the need for dyad-specific sunk costs, suppliers are not very nimble, making them 

loathe to rapidly shut off exports to a country whose mass opinions have suddenly turned against 
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their home countries (Davis and Meunier 2011). Similarly, states have decreasing ability to 

respond quickly. 

Perhaps more to the point, consumers are equally loathe to respond to political events by 

changing their purchasing behavior. Studies of consumer boycotts that are attempted as a 

response to international conflict show their effects on consumer behavior to range from nil to, at 

most, a few percentage points’ worth of decline in demand over a short-lived timeframe 

(Ashenfelter, Ciccarella, and Shatz 2007; Heilmann 2016; Katzenstein and Keohane 2007).1 For 

example, in Datta’s study of the effects of mass anti-Americanism on a variety of outcomes (e.g., 

UNGA voting, foreign tourism to the U.S., international alliances), consumption of the most 

visible U.S. brands abroad is the only outcome for which he finds null results (Datta 2014). After 

all, consumer boycotts are collective action problems (Klein, Smith, and John 2004; Sen, 

Gürhan-Canli, and Morwitz 2001). Similarly, a close look at the country-of-origin research 

reveals that its effects on actual purchasing behavior are small, as most consumers are willing to 

quickly abandon their country-of-origin biases if the price is right (Peterson and Jolibert 1995; 

Verlegh and Steenkamp 1999).2 In short, when trade import flows and opinions about their 

country of origin change together, it is the former that most likely moved first.   

Regardless, we attempt to tease out the causal difference between our argument and the 

endogenous trade alternative in our empirical analysis below. We use both experiments and 

instrumental variables on observational data. It is to this that we now turn.  

  

                                                 
1 Aside from this, trade inflows are not measured at the point of sale but at the point of entry  
2 Ohmae 1989. Schooler and Wildt 
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Survey Experiments 
 We conducted two survey experiments on a representative sample of Mexican adults 

(N=1,206 interviews in August, September, and October 2018). Our design allows us to test the 

effect of cueing individuals with information about imports from a trading partner they are about 

to evaluate. We consider two directed dyads: Mexicans’ attitudes toward the US and toward 

China. For each experiment, we treated a randomly selected half of respondents with a sentence 

about imports from the foreign country. This immediately preceded the survey question about 

attitudes toward the foreign country. The other half just heard the survey question. To 

summarize:   

USA Experiment 
Treatment: “The past few decades, the quantity of imports from the United States 
into Mexico has grown. So, many products, such as Nissan and Chevrolet cars, 
gasoline, and pork are made in the United States and sold here in Mexico. Do you 
have a very good, good, bad, or very bad opinion of the United States?”3 
 
Control: “Do you have a very good, good, bad, or very bad opinion of the United 
States?” 
 
China Experiment 
Treatment: “The past few decades, the quantity of imports from China into 
Mexico has grown. So, many products, such as Lenovo computers and cell 
phones by Huawei and Apple, are made in China and sold here in Mexico. Do 
you have a very good, good, bad, or very bad opinion of China?”4 
 
Control: “Do you have a very good, good, bad, or very bad opinion of China?” 

 
The location of these two experiments on the questionnaire was also randomized. Half 

the respondents heard the China experiment early and the US experiment late in the 

                                                 
3 En las últimas décadas, la cantidad de importaciones desde los Estados Unidos ha aumentado. Muchos productos, 
como coches de Nissan y Chevrolet, gasolina, y carne de cardo están hechos en los Estados Unidos y vendidos aquí 
en México. ¿Tiene Ud. una muy buena, buena, mala, o muy mala opinión sobre los Estados Unidos? 
4 En las últimas décadas, la cantidad de importaciones desde China a México ha aumentado. Así, muchos productos, 
como computadoras de Lenovo y teléfonos celulares de Huawei y Apple, están hechos en China y vendidos aquí en 
México. ¿Tiene Ud. una muy buena, buena, mala, o muy mala opinión sobre China? 
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questionnaire, while the other half heard the USA experiment early and the China experiment 

late. This enables us to determine whether order of appearance affects the results.   

Following best practices in survey wording design, the question does not give 

respondents an “easy out,” meaning an explicit “don’t know” or “no response” option (Gilljam 

and Granberg 1993; Krosnick et al. 2002). Despite this, some respondents still refused to respond 

(8.4 percent to the USA question and 14.0 percent to the China question). We recode these to a 

“neutral” category in the middle of the scale: (1) very bad, (2) bad, (3) neutral, (4) good, (5) very 

good. Dropping these as missing values risks a loss of experimental balance. Interestingly, the 

treatment more than halved (from 20 percent to 8.4 percent) the percentage of non-responses in 

the China experiment, an indication itself that information about imports is useful for some 

individuals in forming their judgements about a foreign country.5 

 Figure 1 plots the main experimental results. The upper half contains point estimates 

from the USA experiment, and the bottom half conveys point estimates for the China 

experiment. We report two sets of results for each experiment. The “full sample” shows the 

means and 95 percent confidence intervals for all treated individuals and for all those in the 

control group. The “front sample” shows these means for the half of individuals who heard the 

respective experiment at the beginning of the questionnaire. We consider these front-sample 

results to be less contaminated by questionnaire content and question order.  

[Figure 1 here] 

  

                                                 
5 The treatment had no effect on the rate of nonresponse in the USA experiment. Thus, the informational effect of 
the imports cue works for the lesser-known country but not the well-known country (and neighbor). 
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Figure 1: Mexicans’ Evaluation of the USA and China by Experimental Group:  
Points Estimates and 95 Percent Confidence Intervals 

 

 The treatment yielded the expected effect when cueing respondents about US imports but 

not when cueing them about Chinese ones. In the USA experiment, the effect estimate is .121 (p 

= .06) in the full sample and .195 (p = .04) in the front sample. These effects are equal to 11 

percent and 17 percent of a standard deviation, respectively. By contrast, the treatment had a 

negative effect in the China experiment, although this difference is statistically significant in 

neither the full (x̄d = -.082, p =.151) nor the front (x̄d = -.064, p =.43) sample. We conclude that 

the imports cue yields a positive effect on views toward the foreign partner in one of these two 

directed dyads.     
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Observational Data  
As with most experiments, these two carry some artificiality. We spoon-feed respondents 

with information that links certain consumer brands and goods with their countries-of-origin, 

whereas, in practice, these links are not always so clear and explicit. Also, we sample two 

directed dyad years from a universe that numbers in the millions. To shore up the realism and 

scope of our findings, we turn to the largest dataset yet compiled of dyadic international public 

opinion. 

Description of Data 
We scoured every major cross-national survey project and found six to contain useful and 

comparable questions about attitudes toward foreign countries: Americas and the World, 

Asiabarometer, Asian Barometer, BBC Globescan, Latinobarometer, and the Pew Global 

Attitudes Project. We compile responses from all six into a single dataset, aggregating individual 

responses to the directed dyad year level. We define Opinionijt, which is a measure of the 

evaluation of “target” country j by survey respondents in “home” country i in year t, as our 

dependent variable. It is a proportion: the number of positive evaluations (p) of j by respondents 

in i divided by the sum of positive and negative (n) responses,  

Opinionijt = 𝑝𝑝𝑖𝑖𝑖𝑖𝑖𝑖
𝑝𝑝𝑖𝑖𝑖𝑖𝑖𝑖+𝑛𝑛𝑖𝑖𝑖𝑖𝑖𝑖

.6 

For exposition, we also refer to i’s aggregate opinion of j as i’s “outgoing” favorability toward 

target j and j’s “incoming” favorability from home i.  

This yields a dataset of 7,423 directed dyad year observations across 1,555 directed 

country dyads. The benefits of the dataset lie in its heft and scope, lending our analyses a high 

                                                 
6 Neutral-category responses and expressions of non-opinionation (such as “don’t know” and “no opinion”) are 
dropped in calculating this proportion. 
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degree of external validity. We have at least one incoming favorability measure for 53 different 

target entities (52 countries plus the EU). Figure 2 depicts the list of these 53 target countries as 

well as their raw frequencies across all the directed dyad years. The array of targets is diverse. 

The world’s two largest economies, the U.S. and China, appear more frequently than do any 

other countries, but by no means do they dominate. Combined, they are the target in just 20% of 

the directed dyad years. Fifteen other countries appear as the target in at least 200 observations. 

 [Figure 2 here] 
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Figure 2: Target Countries and their Raw Frequencies among the Observed Directed Dyad 
Years 

Panel A: African and Asian Targets  

 
Panel B: American and European Targets 
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The number of home countries, meaning those which were polled, is 94 (91 countries 

plus Hong Kong, Palestinian territories, and Taiwan). They are too numerous to usefully graph 

their frequencies individually, but Figure 3 shows the relative frequencies of home countries 

grouped by world regions. The sample over-represents Latin America, but all major regions have 

an important presence. 

[Figure 3 here] 

Figure 3: Home Countries’ Regions and their Relative Frequencies among the Observed 
Directed Dyad Years 

 

Our approach entails aggregating individual-level responses to a country level. In 

principle, we could maintain more information by conducting analyses on the more than six 

million respondents to these surveys, testing to see if those in i who are most exposed to trade 

from partner j are more favorable toward j than are those in i who are least exposed (Kleinberg 

and Fordham 2010). In practice, however, this would add little. The individual-level data contain 
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precious little information to construct useful independent variables, meaning measures of 

exposure to trade with the different available trading partners. At best, we could cobble together 

indicators of education and income. However, while education has been proposed as a proxy for 

the individual-level gains and losses from trade (Scheve and Slaughter 2001), it is a highly 

contested and confounded one (Hainmueller and Hiscox 2006; Mansfield and Mutz 2009). 

Moreover, it reveals little about how exposure to trade varies by trading partner. Finally, an 

individual-level analysis would yield ambiguous conclusion about our ultimate question, which 

is whether the net effects of trade and imports on goodwill are, in the aggregate, positive.  

By contrast, at the directed dyad year level, we have a rich set of information not just on 

dyadic trade flows but on dozens of potential and interesting confounds (e.g., international 

alliances, former colonial relationships, and other aspects of economic exchange). This is a level 

of detail no survey offers at the individual level. Furthermore, because surveys are not based on 

repeated interviews through time, staying at the individual level is tantamount to tossing out 

important temporal dynamics and the ability to control for previous values of y and x. To be 

clear, we applaud efforts that assess trade and opinions toward foreign countries at the individual 

level (Eichenauer, Fuchs, and Brückner 2018); however, they are generally limited to just one 

survey project, just one or two target countries, and limited measures of exposure to the target 

country. 

In merging data from six survey projects, we face the methodological challenge of 

pooling results based on different question wordings. Table 1 gives a brief description of the 

wording for each of the six survey projects along with the number of observations from each 

survey and the years in which the relevant interviews occurred. (Full wordings are in Part A of 

the Appendix.) Two important differences in question wording stand out. First, the questions 



17 
 

have different stems. The most common (and our preferred) language is one that queries a 

general evaluation of j (Latinbarometer, Pew GAP, Latin America and the World, and Asian 

Barometer), but some query a more specific evaluation—of j’s influence on the world (BBC 

Globescan) or on i itself (AsiaBarometer). Second, the questions and response options code 

respondents on to different types of scales, ranging from three-point scales to 100-point feeling 

thermometers. 

Table 1: Survey Project Details 

Survey Project Wording Years Observations 
(Directed dyad years) 

Pew GAP Evaluation of j 
(4-point scale) 2002-2016 2.272 

Latinbarometer Evaluation of j 
(4-point scale) 

1995-2011, 2013, 
2015-2016 1,724 

Americas & the 
World 

Evaluation of j 
(100-point scale) 

2004, 2006, 2008, 
2010, 2012, 2014 403 

AsianBarometer Evaluation of j 
(10-point scale) 2005-2007 34 

BBC Globescan Evaluation of j’s influence on 
world (3-point scale) 2005-2014, 2017 3,701 

AsiaBarometer Evaluation of j’s influence on i 
(5-point scale) 2003-2007 524 

 

As a partial solution, we include survey-project fixed effects in all analyses to absorb 

average differences produced by the different scales. Moreover, the manner in which we 

calculate Opinionijt also addresses the heterogeneity in response scaling. By converting all 

scorings to a proportion (of positive responses as a share of all valenced responses), Opinionijt 

has a common unit across wordings that a mean would not have. As for the differences in 

wordings stems, we anticipate these to have minimal consequences. At the respondent level, the 

criteria that shape evaluations of j’s influence on the world and of j’s influence on i are subsets of 

those that shape evaluations of j overall, so all three should be highly correlated. For example, 
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attitudes toward different U.S. characteristics (e.g., its politics, popular culture, military power, 

economic might) correlate with a single pro-versus-anti-US dimension (Chiozza 2010, 70–78).  

Fortunately, we can test whether the different question wordings yield important effects 

that might recommend against pooling, and we find that they do not. Opinionijt is observed 

multiple times in over 1,000 directed dyad years, meaning different survey projects were in the 

field in the same country i asking questions about the same target j in the same year t.7 We can 

thus perform a convergent validity check by calculating the inter-item correlations among the 

various measures. Table 2 reports these correlations and shows them to be high. Particularly 

important is the high correlation between the BBC Globescan (which cues j’s influence on the 

world) and the Pew GAP item (which queries j’s overall favorability), which is +.80, as well as 

that between the BBC Globescan and Latinbarometer item (also j’s overall favorability), which is 

+.82. Collectively, these three survey projects comprise more than 90% of the observations, so 

their high convergent validity is reassuring. The one with the lowest validity is clearly Americas 

& the World, probably because of its feeling thermometer response set, so we take measures to 

decrease reliance on this wording.8 

[Table 2 here] 

  

                                                 
7 Note that when this is the case, Opinionijt is the mean of the available observations. 
8 In particular, we use results from Americas & the World only when it provides an observation of a 
directed dyad year that is not otherwise available from the other survey projects. This amounts to just 275 
observations. Earlier versions of our dataset also included Afrobarometer data based on questions of how 
much j had helped i, but these were dropped for having low convergent validity. 
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Table 2: Convergent Validity Analysis (Inter-item, Pairwise Pearson Correlations) 
 Pew GAP Latin-

barometer 
Americas & 
the World 

Asian-
Barometer 

BBC 
Globescan 

Latinbarometer +.83 
(138) 

    

Americas & the 
World 

+.85 
(39) 

+.72 
(64) 

   

AsianBarometer +.83 
(10) 

∅ 
(0) 

∅ 
(0) 

  

BBC Globescan +.80 
(897) 

+.82 
(169) 

+.46 
(81) 

+.95 
(7) 

 

AsiaBarometer +.88 
(29) 

∅ 
(0) 

∅ 
(0) 

+.81 
(9) 

+.86 
(25) 

 

Dynamic Models 
We first estimate a set of dynamic models to determine whether changes in trade flows 

cause changes in public opinion. Our primary independent variables are Tradeijt, Importsijt and 

Exportsijt. Tradeijt is total trade between i and j expressed as a (logged) share of i’s gross 

domestic product (GDP). The other two variables break trade flows into imports and exports. 

Importsijt is total imports from j to i expressed as a (logged) share of i’s GDP, and Exportsijt is 

total exports from i to j expressed as a (logged) share of i’s GDP.9   

We specify a series of error correction models (ECMs).10 ECMs regress the first 

(backward) difference of the dependent variable on its own lag, on the first difference of each 

                                                 
9 International Monetary Fund’s Direction on Trade Statistics (DOTS). 
http://data.imf.org/?sk=9D6028D4-F14A-464C-A2F2-59B2CD424B85 
10 ECMs are often presented as a technique to employ when time series are cointegrated (Banerjee et al. 
1993). However, an ECM is mathematically equivalent to an autoregressive distributed lag model (ADL). 
The differences lie strictly in how coefficients are presented, yet oddly ADLs are NOT typically seen as a 
solution to cointegration (De Boef and Keele 2008). We use ECMs here not because of a perceived 
cointegration issue. In fact, with at least 650 pairs of time series behind each regression coefficient, it is 
surely the case that there is a wide mix of cointegration, fractional cointegration, and non-cointegration. 
Rather, ECMs are flexible models that estimate—rather than assume—the size of the lagged and 
contemporaneous effects in which we are interested. 
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independent variable, and on the lag of each independent variable. ECMs take the following 

general form: 

∇𝑦𝑦𝑖𝑖𝑖𝑖𝑖𝑖 = 𝛾𝛾𝑦𝑦𝑖𝑖𝑖𝑖𝑖𝑖−1 + 𝛽𝛽0∇𝑥𝑥𝑖𝑖𝑖𝑖𝑖𝑖 + 𝛽𝛽1𝑥𝑥𝑖𝑖𝑖𝑖−1 + 𝜀𝜀𝑖𝑖𝑖𝑖𝑖𝑖,    (2) 

where yijt is the dependent variable, xijt is the independent variable, and εijt is a stochastic error 

term. The ECM is useful because it reports the effect (β0) of year-on-year change in x on year-

on-year change in y while holding constant previous levels of x and y. β1 is an estimate of the 

total change (over both years) in y that results from a shift in x that occurred one year earlier; it 

can also be thought of as a measure of the permanent effect of a change in x. Our ECMs also 

include the full set of directed dyad fixed effects, which absorb confounding variance from 

cross-unit differences in the levels of y. Because of the fixed effects, time invariant variables are 

unnecessary.11 

 By differencing, we lose cases. Any directed dyad for which we do not have a measure of 

public opinion in the preceding year is dropped. Fortunately, many of the survey projects are 

annual, so the loss of cases is contained to about one third. We retain more than 4,000 

observations, although, at less than 700, the number of directed dyads is now less than half the 

total available amount. The gains for achieving less biased causal inferences from estimating a 

dynamic model instead of a cross-sectional one surely exceed the efficiency losses.12 That being 

said, we estimate cross-sectional models with the full set of observations in the next subsection.   

                                                 
11 The inclusion of unit fixed effects along with a lagged dependent variable when our average time series 
is short raises concerns of bias (Nickell 1981; Arellano and Bond 1991). We address this concern in part 
B of the Appendix. 
12 For these analyses, we drop directed dyads in which Cuba, North Korea and Iran are the targets. 
Because of near-autarky (Cuba and North Korea) and international sanctions (Iran), their trade flows with 
other countries are miniscule. Given the frequently small denominators, many of their year-on-year 
changes in dyadic trade flows are enormous—often dozens of standard deviations above or below the 
mean (e.g., a 42,100% increase in North Korea’s trade with UAE in 2008). Sixty-six of the largest 100 
values on ∇Tradeijt are cases in which one of these three is a target. The low volumes of trade with these 
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 Table 3 presents four sets of ECM results. The model 3.1 estimates show that increases in 

trade flows with a foreign target country are associated with improvements in the outgoing mass 

attitudes toward that country. Model 3.2 parses flows into imports and exports, showing that 

import flows do nearly all of this positive work. It is increases in imports from j that are 

associated with more favorability from i’s citizens toward j; increases in exports from i to j yield 

a negligible effect on j’s incoming favorability.13 The statistically significant coefficient on 

lagged imports in model 3.2 suggests that an increase in imports is associated with a permanent 

improvement in evaluations of their country source. Favorability toward j changes by one 

percentage point (i.e., .01, or about a tenth of a standard deviation) for every 30% to 35% change 

in i’s trade with j (as a share of i’s GDP). Changes of at least this size occur almost twenty 

percent of the time in the sample, while changes of 50% or more occur nearly 10% of the time. 

[Table 3 here] 

  

                                                 
countries do not provide such massive outliers in our analyses on levels, so we include these three target 
countries in our models of levels (as in the preceding and following subsection).  
13 Note that Rose's (2016, p. 227) results are not robust to inclusion of dyadic fixed effects, suggesting his 
results are largely driven by between effects. 
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Table 3: Dyadic Trade Flows and Favorability toward Trading Partners: 
Error Correction Models of ∇Opinionijt  

 (3.1) (3.2) (3.3) (3.4) 
Trade 

∇Tradeijt 
0.026* 
(0.009) 

 
 

0.025* 
(0.010) 

 
 

Tradeijt-1 
-0.002 
(0.006) 

 
 

-0.009 
(0.006) 

 
 

∇Importsijt  
 
 

0.029* 
(0.007) 

 
 

0.017* 
(0.006) 

Importsijt-1 
 
 

0.016* 
(0.006) 

 
 

0.008 
(0.006) 

∇Exportsijt 
 
 

0.002 
(0.006) 

 
 

0.009 
(0.005) 

Exportsijt-1 
 
 

-0.011 
(0.005) 

 
 

-0.010* 
(0.004) 

Lagged DV 

Opinionijt-1 
-0.659* 
(0.027) 

-0.663* 
(0.027) 

-0.621* 
(0.034) 

-0.622* 
(0.028) 

Question wording fixed effects Yes Yes Yes Yes 
Directed dyad fixed effects Yes Yes Yes Yes 
Home country year fixed effects No No Yes Yes 
Observations 4,093 4,093 4093 4038 
Directed dyads 668 668 668 668 
Years per directed dyad 6.1 6.1 6.1 6.1 

Entries are OLS coefficients with robust standard errors (adjusted for clustering by home country) in 
parentheses.  
* p < 0.05, two-tailed 

 

 At some risk of overfitting, we also present models that address the potential confound of 

time. There may be temporal shifts in overall public opinion and overall trade flows within each 

home country that create a spurious correlation between the two across its different target 

countries. Models 3.3 and 3.4 include a set of year fixed effects for each home country i. With 

these, along with the dyadic fixed effects, these two models estimate more than 1,000 

parameters. Despite this, the annual change in trade flows (model 3.3) and in import flows 

(model 3.4) maintain their statistically significant associations with annual changes in attitudes 

toward the trading partner. The lagged coefficient on import flows has now dropped to statistical 

insignificance, but we can still conclude that imports have a statistically significant one-off effect 

on public opinion in the year that importation occurs. 
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 Despite controlling for so many potential confounds, these results are still open to the 

endogenous trade charge. The statistically significant coefficient on import flows is 

observationally equivalent with a reality in which, say, consumers successfully boycott a 

country’s exports in response to some exogenous shift in sentiment about that country. To 

address this, we need another research design and, in particular, good instrumental variables. 

Fortunately, such instruments exist in the case of dyadic trade flows: trade with all other 

countries (Baker and Cupery 2013; Colantone and Stanig 2018; Eichenauer, Fuchs, and Brückner 

2018).  

 We approach the construction of appropriate instruments from two perspectives: that of 

the home country and that of the target country. From the perspective of the home country, total 

imports into i can be parsed into those from j and those from its complement jc, meaning all other 

countries. We treat the latter, meaning imports from all jc countries (as a share of i’s GDP), as an 

instrument for imports from j. As i’s overall institutional, economic, and technological capacities 

to purchase imports changes, it will experience changes in import flows from j that are 

exogenous to any specific country-of-origin consumer preference for j’s exports. The home 

country instrument picks up this variation. From the perspective of the target country, total 

exports from j can be parsed into those going to i and those going to all of its complement 

countries ic. Again, the latter, meaning exports from j to all ic countries, can be used as an 

instrument for imports from j to i. As j’s overall institutional, economic, and technological 

capacities to export changes, it will experience shifts in export flows to i that are exogenous to 

consumer preferences in i for j’s exports (Autor, Dorn, and Hanson 2013). Although this 

describes the nature of two instruments for imports from j to i, the same logic can be used to 
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define instruments for exports from i to j. In other words, we use exports from i to jc and imports 

from ic to j as instruments for exports from i to j. 

 Table 4 shows the results of four different error correction models that use two-stage, 

instrumental variables regression techniques. The table makes it clear that the four measures of 

trade flows are instrumented in each regression, although the nature of the instrumental variables 

estimation varies across the models. In model 4.1, we measure the instruments using only home 

country trade flows. In model 4.2, we do so using only target country trade flows. In model 4.3, 

we do so using both, and for this reason we prefer this specification to the first two. Finally, 

model 4.4 uses this same approach to instrumenting trade flow, but it also includes the time fixed 

effects for each home country, as introduced in model 3.4.  

[Table 4 here] 

Table 4: Dyadic Trade Flows and Favorability toward Trading Partners: 
Error Correction with Instrumental Variables Models of ∇Opinionijt 

 (4.1) (4.2) (4.3) (4.4) 
Trade 

∇Importsijt (instrumented) 0.064* 

(0.032) 
0.091* 
(0.020) 

0.111* 
(0.022) 

0.030† 
(0.016) 

Importsijt-1 (instrumented) -0.006 
(0.045) 

0.002 
(0.016) 

0.087* 
(0.024) 

0.042* 

(0.015) 

∇Exportsijt (instrumented) -0.057 
(0.034) 

-0.004 
(0.007) 

-0.049* 
(0.022) 

0.057* 
(0.019) 

Exportsijt-1 (instrumented) -0.032 
(0.026) 

-0.007 
(0.007) 

-0.080* 
(0.019) 

-0.042* 
(0.011) 

Lagged DV 

Opinionijt-1 
-0.663* 
(0.029) 

-0.664* 
(0.026) 

-0.687* 
(0.027) 

-0.631* 
(0.035) 

Question wording fixed effects Yes Yes Yes Yes 
Directed dyad fixed effects Yes Yes Yes Yes 
Home country year fixed effects No No No Yes 
Observations 4,093 4,093 4093 4038 
Directed dyads 668 668 668 668 
Years per directed dyad 6.1 6.1 6.1 6.1 

Entries are two-stage GLS estimated coefficients with robust standard errors 
(adjusted for clustering by home country) in parentheses. These are the 
second-stage results only. 
* p < 0.05, two-tailed. † p = 0.053 
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In the first three models (4.1 through 4.3), the coefficients on differenced import inflows 

are statistically significant, just as they were in Table 3. Their magnitudes vary, but, all told, we 

conclude that increases to the exogenous portion of imports from j to i increase mass favorability 

from i to j in the same year. According to our preferred specification (model 4.3), the lagged 

coefficient on imports is also statistically significant, just as it was in model 3.3. With all of the 

year fixed effects, model 4.4 asks a lot of the data, but it still returns a positive effect of imports. 

The coefficient on differenced import inflows is just below statistical significance (p = 0.053) 

and that on lagged imports is statistically distinguishable from zero. 

Across the four specifications, the estimated effect of exports on favorability in the year 

they are shipped abroad is more unstable, ranging from negligible (models 4.1 and 4.2) to 

negative (in model 4.3) to positive (in model 4.4). We hesitate to conclude anything substantive 

from these results, except to say that the effect of exports is more ambivalent and far less robust 

than that of imports. With these instrumental variables analyses, we conclude that exogenous 

shocks to a country’s import flows from a trading partner produce a corresponding effect on its 

citizens’ favorability toward that trading partner.  

The results in Table 4 cast doubt on the endogenous trade claim. To test it in yet another 

way, we take a brief look at what we see to be a case of an exogenous public opinion shock. 

Such shocks are rare because public opinion is so fickle and responsive to events, but the 

election of Donald Trump in the US provided something of an exogenous shock to Mexican 

public opinion. Trump’s anti-Mexican rhetoric was widely known in Mexico throughout 2016, 

but his election at the end of that year was a genuine surprise to the country and to the world. We 

treat the resulting change in Mexican’s favorability toward the US—a drop of 30 percentage 
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points14—as plausibly exogenous to trade. If the endogenous trade claim prevails, we should see 

a decline in US-made imports to Mexico between 2016 and 2017, but we do not. Imports from 

the US as a share of Mexico’s GDP increased slightly from 17.7 percent to 17.9 percent. If 

imports would have otherwise increased to, say, 20 percent of GDP, then we would be missing a 

potential Trump effect. However, in ancillary analyses (not shown), we find that this 17.9 

percent value is, if anything, above the value that would be forecast based simply on other 

predictors and historical trends. All told, we are comfortable with the conclusion that import 

flows shape views of foreign trading partners rather than vice versa.   

Cross-Sectional Analysis 
These dynamic results do not make use of the full expanse of our dataset, so we zoom out 

one more time to consider cross-sectional and contemporaneous relationships with levels of 

favorability toward foreign countries. This allows us to analyze all 7,423 observations and 1,555 

directed country dyads, even though we can reach causal conclusions only with great 

qualification. We start by showing the simple correlation between dyadic public opinion 

(Opinionijt) and trade (Tradeijt). Figure 4 depicts the scatterplot of the relationship between the 

two, and it is a strong one: The Pearson correlation coefficient is +.49. A lowess line shows the 

relationship to be positive and linear across virtually the entire range of Tradeijt.15 

[Figure 4 here]  

                                                 
14 We estimate this with the 2016 Latinbarometer and our own 2018 data from the survey experiment. We 
will update with 2017 data if/when available.  
15 N for this figure is 7,213, mostly because of missing trade data for several dyads involving Iran, North 
Korea, and Palestine. 
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Figure 4: Bivariate Correlation between Trade Flows and Public Opinion at the 
Directed Dyad Year Level 

 
Note: Grey line is lowess-estimated. 

 
 Table 5 reports estimates from eight pooled times series models, and these assess strictly 

contemporaneous correlation (Goldstein, Rivers, and Tomz 2007). We perform estimation with 

random effects, so we are explaining both within and between directed-dyad variation. We 

specify four models (5.1, 5.3, 5.5, and 5.7) with Tradeijt and four other models (5.2, 5.4, 5.6, and 

5.8) that parse bilateral trade flows into Importsijt and Exportsijt. All eight models contain 

question wording fixed effects.  

[Table 5 here]  
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Table 5: Contemporaneous Correlates of Opinionijt 
 (5.1) (5.2) (5.3) (5.4) (5.5) (5.6) (5.7) (5.8) 

Trade         

Tradeijt 
0.057* 
(0.003) 

 
 

0.052* 
(0.003) 

 
 

0.035* 
(0.012) 

 
 

0.029* 
(0.008) 

 
 

Importsijt 
 
 

0.037* 
(0.003) 

 
 

0.036* 
(0.004) 

 
 

0.047* 
(0.011) 

 
 

0.022* 
(0.009) 

Exportsijt  
 
 

0.015* 
(0.003) 

 
 

0.012* 
(0.004) 

 
 

-0.004 
(0.010) 

 
 

0.009 
(0.006) 

Controls         

Relative GDP per capitajit 
 
 

 
 

0.037* 
(0.005) 

0.038* 
(0.005) 

0.045* 
(0.012) 

0.045* 
(0.012) 

0.029* 
(0.010) 

0.029* 
(0.010) 

Former colonyij 
 
 

 
 

0.111* 
(0.041) 

0.106* 
(0.041) 

0.036 
(0.049) 

0.031 
(0.049) 

0.093* 
(0.039) 

0.093* 
(0.038) 

Common official languageij 
 
 

 
 

0.016 
(0.020) 

0.019 
(0.020) 

0.121* 
(0.043) 

0.127* 
(0.044) 

0.109* 
(0.034) 

0.105* 
(0.035) 

Int'l alliance active as of 
12/31/2012ij 

 
 

 
 

0.034 
(0.019) 

0.036 
(0.019) 

0.034 
(0.034) 

0.037 
(0.034) 

0.039 
(0.051) 

0.037 
(0.051) 

Other forms of economic exchange        

FDI stockijt 
 
 

 
 

 
 

 
 

0.025* 
(0.006) 

0.022* 
(0.006) 

 
 

 
 

Development assistanceijt  
 

 
 

 
 

 
 

 
 

 
 

0.018* 
(0.004) 

0.017* 
(0.004) 

Constant 0.447* 
(0.019) 

0.473* 
(0.020) 

0.388* 
(0.021) 

0.411* 
(0.023) 

0.515* 
(0.050) 

0.565* 
(0.054) 

0.503* 
(0.057) 

0.535* 
(0.061) 

Question wording fixed effects Yes Yes Yes Yes Yes Yes Yes Yes 
Directed dyad fixed effects No No No No No No No No 
Observations 7170 7170 6819 6819 2394 2394 2402 2402 
Directed dyads 1483 1483 1424 1424 469 469 482 482 
Years per directed dyad 4.8 4.8 4.8 4.8 5.1 5.1 5.1 5.1 

Entries are GLS random effects coefficients with robust standard errors (adjusted for clustering by directed dyad) in 
parentheses. 
* p < 0.05 
 

From there, the models in Table 5 differ only in the control variables that are included, 

although decisions about controls affect sample size because of listwise deletion. With the 

controls included in models 5.3 through 5.8, we seek to measure confounds that capture forms of 

difference and similarity within dyads. Our primary measure of economic difference is Relative 

GDP per capitajit
16: 

𝑙𝑙𝑙𝑙 �𝐺𝐺𝐺𝐺𝐺𝐺 𝑝𝑝𝑝𝑝𝑝𝑝 𝑐𝑐𝑐𝑐𝑝𝑝𝑖𝑖𝑖𝑖𝑐𝑐𝑖𝑖𝑖𝑖
𝐺𝐺𝐺𝐺𝐺𝐺 𝑝𝑝𝑝𝑝𝑝𝑝 𝑐𝑐𝑐𝑐𝑝𝑝𝑖𝑖𝑖𝑖𝑐𝑐𝑖𝑖𝑖𝑖

�     (1) 

                                                 
16 International Monetary Fund's World Economic Outlook Database. 
http://www.imf.org/external/pubs/ft/weo/2018/01/weodata/index.aspx 
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We expect a positive sign on this variable. Higher relative income carries a status that makes a 

country more admired, while lower relative income carries a stigma that might make a country 

less so: “economic prowess contributes not only to wealth but also to reputation and 

attractiveness” (Nye 2004, 33).  

Cultural and political similarities also matter in international politics and in dyadic 

relationships (Alesina and Dollar 2000; Simmons and Elkins 2004; Voeten 2000). We consider 

three such variables that capture important long-term relationships between dyadic partners and 

that are, within the relatively short historical window that our dataset spans, time invariant. The 

first is Former colonyij, a dummy variable that equals one if i seceded from or was colonized by j 

and zero otherwise (Goldstein, Rivers, and Tomz 2007).17 A positive coefficient would mean 

that countries view their former colonial masters more favorably than they view other countries, 

while a negative sign indicates resentment of them. The second variable is Common official 

languageij, which is one if the dyad shares a common official language and zero otherwise.18 The 

third is a binary variable labeled Int'l alliance active as of 12/31/2012ij which is one for all 

directional dyads that had any sort of active alliance as of 2012, the last year coded in the 

corresponding dataset.19 

 In models 5.5 through 5.8, we control for other aspects of economic exchange. Dyadic 

trade flows are highly correlated with other types of cross-border economic exchange. In 

particular, international capital and aid flows are often linked to trade in intimate ways. For 

example, multinational corporations orchestrate exchange among their subsidiaries around the 

                                                 
17 ICOW Colonial History Dataset (Hensel 2014). http://www.paulhensel.org/icowcol.html 
18 World Languages Dataset. 
http://opendata.rug.nl/datasets/5c6ec52c374249a781aede5802994c95_0?uiTab=table 
19 Correlates of War Formal Alliances Dataset, v4.1 (Gibler 2009). http://www.correlatesofwar.org/data-
sets/formal-alliances 
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world, and bilateral trade agreements are known to facilitate foreign direct investment (Büthe 

and Milner 2008). Similarly, development assistance is often tied to the purchase of exports from 

the donor country (Lancaster 2008). We estimate models with FDI stockijt, which is the stock of 

foreign direct investment from j in i in year t (expressed as a logged share of i’s GDP). We also 

consider Development assistanceijt, which is the aid flow from j into i in t (expressed as a logged 

share of i’s GDP). Unfortunately, the data costs of including these variables is high. FDI 

variables are only observed when j is an OECD country, so we lose roughly two-thirds of our 

cases through listwise deletion.20 Nonetheless, we view the regressions with these variables to be 

informative of trade’s correlation with public opinion when holding constant one other type of 

international economic flow.21 

 The results show that trade flow volumes have a robust contemporaneous correlation with 

how the masses feel about a trading partner. Furthermore, and again as hypothesized, when 

parsing trade flows into imports and exports, imports from j to i are more correlated with j’s 

incoming favorability from i than are exports from i to j. The sizes of the coefficients on imports 

are more than twice those on exports (in models 5.2, 5.4, 5.6, and 5.8), and those on exports fall 

to statistical insignificance when controlling for FDI stock or aid inflows (models 5.6 and 5.8). 

These models do not have any country- or dyad-level fixed effects, but it is important to note that 

exports and imports serve as anchors for one another that absorb some of the unexplained 

variation across directed dyads. Importsijt and Exportsijt are highly correlated with one another 

(+.79) for the simple fact that the foreign exchange earned from exports affords a country more 

imports. In essence, the larger size of the coefficients on imports shows that home countries have 

                                                 
20 The coverage of the foreign aid data has a bit more geographic diversity. Still, in over 98 percent of the 
observations we draw from the development assistance dataset, j is an OECD member. 
21 Organization for Economic Cooperation and Development. http://stats.oecd.org/ 
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more outgoing favorability toward target countries with which they have trade deficits than 

toward those with whom they have trade surpluses. Having a large amount of imports relative to 

exports is associated with greater outgoing favorability. 

What of causal inference with these contemporaneous correlations with levels of 

favorability? Frankel and Romer propose an instrumental variable that is pieced together from 

the geographical determinants of bilateral trade volumes (Frankel and Romer 1999). Fortunately 

for our purposes, trade flows are heavily influenced by geographical features that, because of 

their near-permanence, cannot be endogenous to public opinion. Four sets of variables constitute 

the instrument. First is dyadic distance, which is based on the gravity model’s truism that trade 

volumes between two countries are decreasing in the countries’ distance from one another (Isard 

1954). Second is country size, defined both in terms of population and land area. Large countries 

engage in less economic exchange with foreigners than do small countries since, by definition, 

there is a smaller foreign population and less foreign land mass with which to trade: “larger 

countries have more within-country trade” (Frankel and Romer 1999, 382).22 Third is contiguity, 

as two countries that share a border trade more with one another than do two noncontiguous 

countries that are otherwise the same distance apart. Fourth is a measure for whether either or 

both trading partners are landlocked. Land transport is more expensive than is water transport per 

unit of distance, so landlocked countries trade less than do those with direct or riparian access to 

an ocean (Sachs and Warner 1997).23  

The advantage of geographical features is also their main shortcoming. Except for the 

rare border change, they are extremely slow-moving. As a result, we can only use the instrument 

                                                 
22 Our instrument also contains interactions between contiguity and all other variables. See p. 383 of 
Frankel and Romer for the full equation.  
23 Head and Mayer 2014. 
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to explain differences in average mass evaluations across directed dyads; we cannot explain 

shifts in attitudes through time. In other words, we estimate between-effects models. For this 

reason, we reintroduce the time-invariant control variables that are part of the models in Table 5. 

Table 6 reports the results of four instrumental variables regressions. 

[Table 6 here] 

Table 6: Instrumental Variables Models of Opinionijt: Between-Effects Results 
 (6.1) (6.2) (6.3) (6.4) 

Trade     

Tradeijt (Instrumented) 0.040* 
(0.007) 

 
 

0.056* 
(0.007) 

 
 

Importsijt (Instrumented)  
 

0.054* 
(0.016) 

 
 

0.051* 
(0.016) 

Exportsijt (Instrumented)  
 

-0.019 
(0.017) 

 
 

-0.001 
(0.018) 

Controls     

Relative GDP per capitajit 
 
 

 
 

0.050* 
(0.005) 

0.048* 
(0.005) 

Former colonyij 
 
 

 
 

0.085* 
(0.035) 

0.080* 
(0.035) 

Common official languageij 
 
 

 
 

0.025 
(0.021) 

0.035 
(0.022) 

Int’l alliance active as of 12/31/2012ij 
 
 

 
 

0.044* 
(0.019) 

0.054* 
(0.021) 

Constant 0.585* 
(0.055) 

0.568* 
(0.063) 

0.594* 
(0.055) 

0.598* 
(0.066) 

Question wording fixed effects Yes Yes Yes Yes 
Observations 6839 6839 6524 6524 
Directed dyads 1457 1457 1400 1400 
Years per directed dyad 4.7 4.7 4.7 4.7 
Entries are two-stage least squares between-effects estimated coefficients with standard errors in 
parentheses. These are the second-stage results only. 
* p < 0.05 

  

 The results show that the average outgoing evaluation in i of j is highly related to the 

geographical determinants of i’s trade with j. Exogenous, geographically determined differences 

across directed dyads in trade volumes are positively associated with the average mass 

evaluations expressed toward a trading partner over the course of the observed years. Yet again, 

the influence of trade on public opinion is almost entirely through the imports channel. The 

findings are robust to the inclusion of controls. It is important to point out that this is the effect of 
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imports holding exports constant, which helps to make the exclusion restriction somewhat more 

believable (Sovey and Green 2011). 

 These results suggest some nonobvious subsequent hypotheses and findings about 

monadic or cross-national differences in public opinion, particularly with regard to country size. 

First, since large countries—and particularly large populations—consume fewer imports from 

foreigners (as an average share of their GDPs) than do countries with small populations, citizens 

in large countries should express less outgoing favorability, on average, of foreign countries. 

Second, since all countries are more likely to import from any given large country than from any 

given small one (just due to the former’s greater economic output), large countries should be 

more popular worldwide. Large countries should enjoy greater incoming favorability than do 

small countries. (Trade flow volumes is the mediator between size and public opinion in these 

relationships, and recall that Figure 4 shows the strong bivariate relationship between the two.) 

Indeed, despite the prediction of opposite signs, this is exactly what we find in Figure 5: 

Large countries like others less but are liked by others more. Outgoing favorability is negatively 

correlated with a country’s population size (Panel A) while incoming favorability has a positive 

correlation with population size (Panel B). Curmudgeonly China, India, and the U.S. are below 

the mean of outgoing favorability despite being, on average, relatively well-liked by others. The 

strengths of these two bivariate correlations are at best modest (-.22 and +.28, respectively), 

which is not surprising since our dynamic models suggests it can take some time for trade to 

yield major effects on public opinion. However, given the myriad factors that can shape a 

country’s image abroad, we find these effects to be meaningful.  

[Figure 5 here] 
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Figure 5: Simple Correlations between Country Size and International Favorability 
Panel A: Outgoing Favorability 

 
Panel B: Incoming Favorability 
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Conclusion 
 States care about their image abroad, typically in the belief that international goodwill 

toward them enhances their soft power and their ability to persuade foreign governments (Nye 

2004). Some of today’s major powers—China, Russia, and the U.S.—are engaged in something 

of a competition over the goodwill of foreigners. For example, public diplomacy efforts, such as 

the over 500 Confucius institutes in more than 140 countries meant to promote Chinese culture, 

command substantial government resources.24 Similarly, Western aid efforts are frequently 

designed to promote donors’ brands among developing-country recipients (Gill 2010, 201; 

Goldsmith, Horiuchi, and Wood 2014). Directed government efforts to secure foreign hearts and 

minds, however, may be less effective than less intentional, bottom-up activities that occur 

through markets (Nye 2004). Indeed, public diplomacy efforts are swamped in magnitude by 

various forms of international economic exchange. As one crude piece of evidence, the budget of 

the U.S. Department of State in 2015 was US$47 billion25—the rough equivalent of the value of 

imports from just one country (China) in one month (September) of that year.26  

 In this paper, we do find that trade promotes mass goodwill between trading partners. 

Free trade has been “under fire” for some time (Irwin 2002) and, with the advent of Brexit and 

Donald Trump’s presidency, surely no more so than in the past few years. It would thus now 

seem quixotic to argue that trade has created mass goodwill among trading partners, but that is 

what we find. We show this to hold in a survey experiment in one directed dyad—Mexicans’ 

evaluation of the US—but not in another—Mexicans evaluations of China. We find more 

                                                 
24 Consider the title of a recent Economist article: “China is Spending Billions to Make the World Love 
It.” (The Economist 2017).  
25 Office of Management and Budget. “Table 5.2—Budget Authority by Agency: 1976–2021.” Obama 
White House Archives. US government. Retrieved March 1, 2017. More precise estimates value U.S. 
public diplomacy efforts at less than US$1 billion and China’s at $10 billion (The Economist 2017).  
26 https://www.census.gov/foreign-trade/balance/c5700.html 
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consistently positive effects in aggregate observational data from a diverse array of more than 

7,000 directed country dyads. All told, international trade is typically driven by the hard-headed 

mutual material gains of market exchange, but we show that a by-product is enhanced goodwill 

among trading partners. More specifically, it creates greater soft power—in the form of a more 

positive image among foreign publics abroad—for an exporter. Thus, trade holds an important 

place in states’ soft power toolkit.         
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Appendix 

A. Survey data information  
The dependent variable was built using survey data from six different survey projects. 

For each of these sources, the relevant question was coded into a three-point variable of positive 
evaluations, neutral answers, and negative evaluations. Data were then collapsed to the directed 
dyad year level with values now equal to the proportion of respondents providing a positive 
evaluation minus the proportion providing a negative evaluation. In directed dyad years with 
multiple measures of public opinion, the average score across the available surveys was 
computed. (As mentioned in the text, however, we did not use Americas & the World values in 
these cases.) Table A.1 includes the precise wordings (in English) for each survey.     
 

Table A.1: Question Wordings 
AsiaBarometer 
Question Wording: “Do you think the following countries have a good influence or bad 
influence on your country? Please select the response closest to your opinion for each country 
listed.”                                                                                                                                   
Coding: “Good influence” and “Rather good influence” (positive); “Bad influence” and 
“Rather bad influence” (negative); “Neither good nor bad influence” and “Don't know” 
(neutral)   
Asian Barometer 
Question Wording: “Please let us know about your impressions of the following countries. 
Give it a grade from 1 to 10, 1 being very bad and 10 very good.”                                                                      
Coding: “10”, “9”, “8”, “7” and “6” (positive); “1”, “2”, “3”, “4” and “5” (negative); “Do not 
understand,” “Can’t choose” and “Decline to answer” (neutral). 
BBC/Globescan 
Question Wording: “Please tell me if you think each of the following country is having a 
mainly positive or mainly negative influence in the world.”                                                                              
Coding: “Mainly positive” (positive); “Mainly negative” (negative); “Depends”, “Neither, 
neutral” and “Do not know/No answer” (neutral).           
LatinoBarometro 
Question Wording: “I would like to know your opinion about the following countries and 
powers. Do you have a very good, good, bad or very bad opinion about…”                                              
Coding: “Very good” and “good” (positive); “Very bad” and “bad” (negative); “Do not 
know” “No answer” (neutral)                                                                                                                       
**Note that from 1995 respondents were also given the option to answer “Neither positive nor 
negative”. In 1996, 1997 and 1998, the option “About average” was provided. These responses 
have been coded as neutral.  
Latin America and the World 
Question Wording: “Now I am going to ask that you measure your opinion of some 
countries, with zero expressing a very unfavorable opinion, 100 expressing a very favorable 
opinion and 50 expressing an opinion that is neither favorable or unfavorable. You can use any 
number between 0 and 100, and the higher the number the more favorable your opinion of that 
country .If you don't have an opinion or don't know the country, please tell me.”                                                    
Coding: “51” to “100” (positive); “0” to “49” (negative); “50”, “Don't know” and “Don't have 
an opinion” (neutral) 
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Pew Global Attitudes Project 
Question Wording: “Please tell me if you have a very favorable, somewhat favorable, 
somewhat unfavorable or very unfavorable opinion of…”                                                                          
Coding: “Very favorable” and “favorable” (positive); “Very unfavorable”, “unfavorable” 
(negative); “Don't know” and “Refused” (neutral) 

 

B. Nickell Bias 
We rerun the ECMs of Table 2 as ADLs. The dependent variable is Opinionijt. (Note the 

equivalence of the shaded coefficients in the ADLs below to those from the ECMs in Table 2.) 
Then we run these as Arellano Bond (ArBo) models.  

 (B.1) (B.2) (B.3) (B.4) (B.5) (B.6) (B.7) (B.8) 
 ADL ArBo ADL ArBo ADL ArBo ADL ArBo 
Trade     

Tradeijt 
0.044* 
(0.014) 

0.034* 
(0.012) 

 
 

 
 

0.046* 
(0.014) 

0.036* 
(0.013) 

 
 

 
 

Tradeijt-1 
-0.043* 
(0.013) 

-0.012 
(0.012) 

 
 

 
 

-0.041* 
(0.014) 

-0.015 
(0.012) 

 
 

 
 

Importsijt  
 
 

 
 

0.037* 
(0.011) 

0.040* 
(0.011) 

 
 

 
 

0.038* 
(0.010) 

0.041* 
(0.011) 

Importsijt-1 
 
 

 
 

-0.021* 
(0.011) 

0.019 
(0.011) 

 
 

 
 

-0.019 
(0.011) 

0.018 
(0.011) 

Exportsijt 
 
 

 
 

0.011 
(0.009) 

-0.003 
(0.009) 

 
 

 
 

0.012 
(0.009) 

-0.001 
(0.009) 

Exportsijt-1 
 
 

 
 

-0.018* 
(0.009) 

-0.022* 
(0.008) 

 
 

 
 

-0.017 
(0.009) 

-0.024* 
(0.008) 

Controls     

Relative GDP per capitajit 
 
 

 
 

 
 

 
 

-0.008 
(0.030) 

-0.043 
(0.025) 

-0.009 
(0.030) 

-0.048 
(0.025) 

Relative GDP per capitajit-1 
 
 

 
 

 
 

 
 

-0.002 
(0.025) 

0.040 
(0.025) 

-0.003 
(0.025) 

0.044 
(0.025) 

Lagged DV     

Opinionijt-1 
0.333* 
(0.024) 

-0.209* 
(0.018) 

0.332* 
(0.025) 

-0.212* 
(0.018) 

0.337* 
(0.025) 

-0.205* 
(0.018) 

0.335* 
(0.025) 

-0.208* 
(0.018) 

Constant 0.121* 
(0.048) 

0.322* 
(0.050) 

0.154* 
(0.051) 

0.396* 
(0.058) 

0.140* 
(0.057) 

0.319* 
(0.064) 

0.184* 
(0.061) 

0.398* 
(0.074) 

Question wording fixed effects Yes Yes Yes Yes Yes Yes Yes Yes 
Directed dyad fixed effects Yes NA Yes NA Yes NA Yes NA 
Observations 4047 3140 4047 3140 4038 3133 4038 3133 
Directed dyads 668 533 668 533 668 533 668 533 
Years per directed dyad 6.1 5.9 6.1 5.9 6.0 5.9 6.0 5.9 
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C. Table 2 Results with Outliers (Cuba, Iran, and North Korea as Targets) Included 
 (C.1) (C.2) (C.3) (C.4) 
Trade 

∇Tradeijt 
0.024* 
(0.008) 

 
 

0.032* 
(0.010) 

 
 

Tradeijt-1 
0.016* 
(0.007) 

 
 

0.019* 
(0.008) 

 
 

∇Importsijt  
 
 

0.016* 
(0.006) 

 
 

0.021* 
(0.008) 

Importsijt-1 
 
 

0.010 
(0.006) 

 
 

0.013 
(0.007) 

∇Exportsijt 
 
 

0.007 
(0.007) 

 
 

0.008 
(0.008) 

Exportsijt-1 
 
 

0.007 
(0.006) 

 
 

0.006 
(0.008) 

Controls 

∇Relative GDP per capitajit 
 
 

 
 

0.006 
(0.027) 

0.006 
(0.027) 

Relative GDP per capitajit-1 
 
 

 
 

-0.011 
(0.017) 

-0.011 
(0.018) 

Lagged DV 

Opinionijt-1 
-0.661* 
(0.024) 

-0.661* 
(0.024) 

-0.649* 
(0.025) 

-0.650* 
(0.025) 

Constant 0.121* 
(0.048) 

0.154* 
(0.051) 

0.140* 
(0.057) 

0.184* 
(0.061) 

Question wording fixed effects Yes Yes Yes Yes 
Directed dyad fixed effects Yes Yes Yes Yes 
Observations 4512 4512 4310 4310 
Directed dyads 750 750 710 710 
Years per directed dyad 6.0 6.0 6.1 6.1 
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